
International trade and macro:
Trade policy uncertainty



Policy uncertainty

I Policy uncertainty is everywhere
I Will we be wearing masks next month?
I What will the corporate tax be in 5 years?
I Will Madison metro build a Bus Rapid Transit line?
I Will the Fed raise the FFR?

I Trade policy has some unique features that makes it great to study.
Two examples:

1. WTO tariff bindings
2. China-U.S. (pre-2018) tariff policy
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WTO tariff bindings

I Under WTO rules, bargain over a bound tariff: τ̄gjt

I Tariff cannot exceed this rate; can be below

I Many countries have goods with tariffs below bound rate

I The binding gap is τ̄gjt − τgjt

I The gap tells us how much worse it could get for an exporter

I When there are sunk costs of exporting, uncertainty over a binding
reversal creates an option value to delay exporting
I This is an extensive margin effect

I Future tariffs, not current are important here

I There is some confusion about language in this literature. The
“uncertainty” they are talking about is not a mean preserving spread.
There are first-moment differences, too.
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Handley (2014): Australia

late 1980s and continued into the 1990s.8 Even in sectors with low
applied tariffs, a prospective exporter in the 1990s could look back
only a few years to justify fear of a high tariff regime.

Historically, policy makers in Australia had adopted a so-called
“midway” position in multilateral negotiations. Australia maintained
that it was neither a developing nor a fully industrialized country and
required the flexibility to impose tariffs to protect infant industries
with cost disadvantages (Snape et al. 1998). Until the Uruguay Round,
only about one fifth of Australia's tariff lines were even bound. And
since higher historical tariffs were the starting point for concessions in
the Uruguay Round (1986–1994) of multilateral negotiations (see
Corden, 1996), Australia's binding commitments today are high and
dispersed.

Australia's own Productivity Commission recently noted the
prevention of “backsliding” on liberalization as a potential benefit
of preferential trade agreements. In their comprehensive review
of Australia's trade agreements, the Commission notes that “…even
where agreements do not result in a reduction in existing barriers,
they can be used to lock in current policies, restricting countries from
increasing barriers in the future…in many instances applied tariffs
may be low, or even zero, but bound tariff levels might be quite high,
and there is a risk that applied tariffs could be increased up to bound
levels” (2010, p. 87).

As a case in point, if Australia were to revert all tariffs to their
bindings this would substantially shift the tariff profile. In 2001, only
30% of Australia'sMFN tariffs are equal to the binding tariff commitment.
The magnitude of changes in a reversal to bindings can be large. As the
histogram in Fig. 1 shows, some MFN tariffs could increase by more
than 20 log points in theworst case scenario. Does this degree of binding
overhang have real effects on trade or are the low applied tariffs leading
to the gaps the only important factor?

A preliminary look at the data suggests that the gap between applied
and bound rates does affect product entry. In Fig. 2(a), the solid line
shows a semi-parametric, lowess estimate of the total number of prod-
ucts exported to Australia at the 8 digit tariff line level for 1991–2001
after conditioning on tariff line and year effects. The number of traded
products is 20 log points higher for the lowest relative to the highest
binding gap tariff lines. This is not driven solely by lower tariffs in
products with a large gap. After conditioning on applied tariff levels as
well, the dashed lowess curve indicates an even stronger negative rela-
tionship with respect to the binding gap. Fig. 2(b) shows the lowess
estimate through the number of traded products and tariffs, again
conditional on tariff line and year effects. It is generally downward sloping,
as expected. The dashed line shows the same relationship conditional on
the binding gap, which is even stronger. Taken together, this evidence
indicates a reduction in the extensive margin due to high binding over-
hang and suggests that there is some interaction between applied tariffs
and bindings. I develop a model in the next section to understand this
mechanism and return the data in Section 4.

3. Model

The basic setup is similar to Chaney (2008) and Helpman et al.
(2008), but extended to a deterministic multi-period framework. The
world has J exporting countries indexed by j. I consider a single importer,
but themodel can be extended to amulti-country world. Goods shipped
to the importing country are subject to tariffs, which may vary by
product and country of origin. I then follow Handley and Limão (2012)
by incorporating a stochastic process for tariffs, but extend it to binding
tariff commitments. I derive new testable predictions for the role of bind-
ings on entry and their interaction with applied tariffs, which are taken
to the data in Section 4.

3.1. Preferences

Utility in the importing country is a Cobb–Douglas function over a
homogeneous good traded on world markets at zero cost and a
continuum of differentiated varieties indexed by i:

U ¼ q1−μ
0

Z
i∈Ω

q ið Þαdi
� �μ=α

; α ¼ σ−1
σ

ð1Þ

where σ N 1 is the elasticity of substitution between varieties and
μ ∈ (0, 1) is the expenditure share of differentiated goods. The total set
of varieties available Ω is the union of all domestically produced
varieties and those that are imported. Total aggregate income is Y and
the utility of a representative consumer is maximized subject to the
budget constraint to yield the usual demand function for any particular
variety i of

q ið Þ ¼ μY
p ið Þ−σ

P1−σ : ð2Þ

Varieties are differentiated by firm. The price p(i) is the delivered
consumer price in the importing country inclusive of tariff and transport
costs. The price index is P = [∫v ∈ Ω p(i)1− σdi]1/(1 − σ).

3.2. Production and tariff barriers

The homogeneous good is freely traded and produced under CRS
such that one unit of the good is produced for 1/wj units of labor in
country j. I let q0 be the numeraire and normalize its price to unity,
p0 = 1. Labor market clearing across the numeraire and differentiated
goods sectors within a country implies that the wage for country j is
wj. The differentiated goods are subject to ad-valorem tariffs that may
vary by exporter j. I let τj equal one plus the ad-valorem tariff for
goods shipped from country j. Tariffs are paid at the border by
consumers on the factory price.

Each firm in country j is identified by its unit labor requirement cj,
which is heterogeneous acrossfirms. Themarket ismonopolistically com-
petitive. Firms choose prices to maximize profits of πj = [pj(cj)/τj −wjcj]
q(i). This yields the standard markup rule with a delivered price of
pj(cj) = τjwjcj/α. Combining the markup rule, consumer demand

8 Coincidentally, journalist Paul Kelly titled his exhaustive book documenting the eco-
nomic and political upheaval of these reforms “The End of Certainty.”
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Fig. 1. Distribution of tariff changes under a binding reversal in 2001. Notes: Change
in log points from the MFN tariff to the bound tariff in 2001. 100 × ln(Bv ∕ τv)
where B, τ = (1 + ad-valorem rate).
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Handley (2014): Australia

and variable costs, the per period operating profits of an exporter in
country j are

π j c j
� �

¼ Ajτ
−σ
j c1−σ

j ð3Þ

whereAj ¼ 1−αð ÞμY wj

Pα

h i1−σ
summarizes exporter cost and importer

demand conditions.
I assume that there is a distribution of unit costs,G(c), that summarizes

the heterogeneity in productivity (1/c) within each country and is
bounded below at cL. I index variation in the lower bound across
exporting countries by Mj. Then the lowest unit cost firm in country
j is cjL = Mjc

L.

3.3. Entry, exit and sunk costs

There is a fixed cost of market entry Ke paid by a firm to begin
exporting. Entry costs cover the expenses of setting up a distribution
network, marketing, on-site visits or agency costs, tailoring products
to local markets, and complying with safety regulations. There are no
fixed entry or per period maintenance costs in a firm's domestic
market. Since operating profits are always positive, albeit potentially
quite small, every firm sells in its home market. A subset of firms pay
the entry cost and begin exporting if their unit costs are below a
threshold cutoff level. Following Melitz (2003), exit from exporting
is induced by an exogenous death shock with probability δ. A firm
that is hit by the death shock exits immediately without recouping
its sunk costs.

In a deterministic environment, where πj(t) = πj in the future, the
firm will enter an export market if the net present discounted value of
entry is positive, such that

VD ¼ π j

1−β
−Ke≥0: ð4Þ

The superscript D denotes a “deterministic” tariff regime. The discount
factor combines the true discount rate ρ and the death shock such that
β = (1 − δ) ∕ (1 + ρ). Free entry implies that in equilibrium VD = 0
for the marginal entrant. Imposing this condition yields a multi-period
zero cutoff profit threshold for unit labor costs cjD

cDj ¼ Ajτ
−σ
j

1−βð ÞKe

" #1= σ−1ð Þ
: ð5Þ

All firms with unit costs below cj
D will pay the entry cost and begin

exporting. It is straightforward to derive that the elasticity of cjD to a
once-and-for-all change in τ is σ

σ−1.
9

3.4. A stochastic framework for trade policy uncertainty

In practice, the level of future tariffs is uncertain. Many factors can
affect the formation of trade policy over time. I take shocks to trade
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Notes: Lowess curve of relationship between log product counts within each tariff line across all countries,
conditional on product and year fixed effects and binding gap and tariffs, respectively.

Fig. 2.Non-parametric relationship between number of traded products and: (a) Binding Gap, and (b) Tariffs. Notes: Lowess curve of relationship between log product countswithin each
tariff line across all countries, conditional on product and year fixed effects and binding gap and tariffs, respectively.

9 This is higher than the usual elasticity of unity because tariffs are paid at the border,
rather than as part of the firm's variable trade cost technology.
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Handley (2014): Australia

Igjt = αjt + αgj + β0 log(τ̄gjt/τgjt ) + β1 log(τgjt ) + εgjt

I Igjt indicator function of exports of g from j

cutoff is decreasing in the tariff and the gap between bindings and
applied tariff according to Eq. (11). The estimating equation to test
these relationships is

ztjv ¼ aτ lnτtjv þ aBln
Btv

τtjv

 !
þ djt þ djv þ εtjv ð13Þ

where εtjv is an i.i.d error term. The parameter aτ=(σ− 1)ε(τ)=−σ b 0,
which is the rescaled deterministic tariff elasticity of the cutoff.20 The
parameter aB = (σ − 1)ε(B) b 0 and measures how changes in the
gap between applied tariffs and bindings affect entry. If there is zero
probability of future tariffs at or above the bound rate, then aB = 0.

Let Ttjv be a binary indicator defined as Ttjv = 1[ztjv N 0]. I model the
probability that a product is traded as ptjv(T = 1) = Pr. (Ttjv = 1|Xb) =
F(Xa) where F(·) is a CDF. The estimating equation is

p T¼1ð Þ
tjv ¼ F a�Bln

Btv

τtjv

 !
þ a�τ ln τtjv þ djt þ djv

" #
: ð14Þ

The high dimensional set of exporter–year and exporter–product
fixed effects mean that a standard Probit model would be inconsistent
and not computationally feasible. I assume instead that F(·) is linear
and estimate a linear probability model (LPM) using OLS. I conduct
robustness checks of the specification itself and the estimation method
in Section 4.6.

Onefinal issue of applied tariffmeasurementmust behandled. Some
exporters receive tariff line preferences for developing countries (with
the exception of New Zealand, which has a PTA). Data on preference
utilization is not available and for these tariff lines the true applied tariff
is unobserved. To handle this, I construct a dummy variableDpref=1 for
countries where the preferential country–product specific preference
margin is positive, ln τtv,MFN − ln τtjv N 0. The unobserved applied tariff
is τtjv = (1 − Dpref) × ln τtv,MFN + Dpref × ln τtjv and this can be
rearranged to yield τtjv= τtv,MFN− Dpref×(lnτtv,MFN− lnτtjv). Substituting
this expression into Eq. (14) for τtjv

p T¼1ð Þ
tjv ¼ F a�Bln

Btv

τtjv

 !
þ a�τ ln τtv;MFN þ a�pref ln τtv;MFN−ln τtjv

� �
þ djt þ djv

" #
:

ð15Þ

Then aτ
∗ identifies the elasticity of entry with respect to the MFN

tariff and apref
∗ identifies an adjustment factor when there is a positive

preference margin (lnτtv,MFN − lnτtjv).
The advantage of the reduced form approach is that it requires a

minimal set of identifying assumptions on parameters and the tariff
distribution H(τ′). The starred parameters (aτ∗ and aB

∗) in a LPM are
scaled into the marginal effects on the probability a product is traded.
The elasticity of substitution σ can vary across industries, in which
case aτ

∗ identifies the average elasticity scaled in its marginal effect. I

also require that exporters within a tariff line defined product form
the same expectations, using the same tariff distribution, about future
policies. This is necessary to identify the average elasticity of the binding
gap conditional on the current trade policy. The assumption is consistent
with a rational expectations environment where there are no arbitrage
opportunities.

Results for the full panel are in Table 2. I find negative and significant
effects of the both the tariff and the log of the binding gap. In column
(2), I add the preference margin control, which is positive and
significant. Including this control is important, as it increases the
magnitude of the tariff marginal effect but it has little effect on the
binding gap coefficient. When the binding gap is omitted from the
regression, as in column (3), the marginal effect of the tariff is much
lower. This is precisely what classic omitted variable bias would predict
and the model tells us why. In the corollary to Propositions 1 and 2, the
applied tariff elasticity is attenuated by the binding gap.

4.4. Structural-based model estimation

I now return to Eq. (12) and derive a model-consistent structural
measure of trade policy uncertainty with bindings. In the deterministic
limit where γ=0 the bracketed uncertainty term in Eq. (12) drops out
entirely. Since I ultimately test for the presence of uncertainty, I take
γ = 0 as a testable null hypothesis and linearize around this point.
The first-order Taylor approximation to lnΘtjv

σ − 1 around γ = 0 is

dlnΘσ−1
tjv

dγ γ¼0
≈ βγ

1−β
Δ τtjv
� �

−1
� �

:

���� ð16Þ

The linearized uncertainty term parsimoniously represents the two
components of the uncertainty process: the magnitude of the expected
proportional loss in profits given that a policy shock arrives is captured
by Δ(τtjv)− 1; the arrival rate of trade policy shocks appears linearly in
γ. Estimation requiresmeasures of the profit losses that could occur in a
reversal.

20 Here I assume the residual uncertainty term, r0, is small. Otherwise it is estimated as
part of the coefficient on the tariff.

Table 2
Probability a product is traded — reduced form regressions.

Dependent variable: product traded (binary)

(1) (2) (3)

Binding gap (ln) −0.0804⁎⁎⁎ −0.0915⁎⁎⁎

[0.00819] [0.00888]
Applied tariff (ln) −0.135⁎⁎⁎ −0.164⁎⁎⁎ −0.0942⁎⁎⁎

[0.0101] [0.0126] [0.0107]
Preference margin 0.143⁎⁎⁎ 0.0371

[0.0289] [0.0267]
Observations 3,770,862 3,770,862 3,770,862
R-squared 0.796 0.796 0.796

Notes: All columns include exporter–year and exporter–product fixed effects. Robust
standard errors in brackets are clustered by product–year.

⁎⁎ p b 0.05.
⁎ p b 0.1.

⁎⁎⁎ p b 0.01.

Table 1
Summary statistics for baseline sample.

Mean St. Dev. Min. Max. Obs.

Product traded (binary) 0.068 0.252 0.000 1.000 3,770,862
Exports to Australia (ln) 12.045 1.890 9.210 21.856 256,084
Exports (1000s) 132.83 6111.30 0 3,100,000 3,770,862
Applied tariff (ln) 0.045 0.064 0.000 0.315 3,770,862
Binding gap (ln) 0.049 0.055 0.000 0.438 3,770,862
Binding (ln) 0.094 0.098 0.000 0.438 3,770,862
Binding uncertainty (σ = 4) 0.162 0.160 0.000 0.827 3,770,862
Preference margin 0.004 0.012 0.000 0.223 3,770,862
Binding unc (sectoral σ) 0.057 0.064 0.000 0.514 3,765,500
Binding unc (HS2 σ) 0.095 0.128 0.000 0.972 3,730,000
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China-U.S.

I 1980: U.S. grants China normal trade relations (NTR), big tariff cut

I 1980-1989: NTR needs to be renewed by President

I 1990-2001: NTR needs to also be renewed by Congress
I Perceived as increase in uncertainty. . .

I . . . but always renewed

I 2001: China joins WTO, gains permanent NTR status

I Chinese imports to U.S. grow after 2001, even though tariffs do not
change

I NTR gap is the difference between the NTR tariffs and the fall back
“column 2” tariffs

This version: October 6, 2021 6



Pierce and Schott (2016): US tariffs on China 1639Pierce and Schott: the decline of US ManUfactUring eMPloyMentVol. 106 no. 7

outside  manufacturing. Use of this constant manufacturing sample ensures that our 
results are not driven by any changes in classification system.13 We note, however, 
that qualitatively identical results can be obtained using the simple NAICS manu-
facturing definition in the publicly available  NBER-CES Manufacturing Industry 
Database from Becker, Gray, and Marvakov (2013), and that neither of these drops 
has a material impact on the general trend of manufacturing employment over the 
past several decades.14

While the loss of US manufacturing employment after 2000 is dramatic, we note 
that it is not accompanied by a similarly steep decline in value added. Indeed, as 
illustrated in Figure 3, real value added in US manufacturing, as measured by the 
BEA, continues to increase after 2000, though at a slower rate (2.8 percent) com-
pared with the average from 1948 to 2000 (3.7 percent).15

C. Data for Alternate Explanations

We consider a wide array of alternate explanations for the observed decline in 
US manufacturing employment. To be plausible, these alternate explanations must 
explain why the decline in employment coincides with the timing of PNTR and why 
it is concentrated in industries most affected by the policy change. Descriptions and 
sources of the data used to capture these explanations are presented in Section D of 
the online Appendix. Here, we provide a brief overview of the three classes of alter-
nate explanations we consider: a decline in the US competitiveness of  labor-intensive 

13 The results are also robust to use of a beta version of  time-consistent NAICS codes developed for the LBD 
by Teresa Fort and Shawn Klimek. 

14 Section B.3 of the online Appendix compares annual employment in our “constant” manufacturing sample 
against the manufacturing employment series available publicly from the US Bureau of Labor Statistics. Both dis-
play a stark drop in employment after 2000. 

15 Houseman et al. (2011) argue that gains in manufacturing  value-added in the later years of Figure 3 may be 
overstated as purchases of  low-cost foreign materials are not fully captured in input price indexes. 
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Figure 2. Distribution of NTR Gaps Across Constant Manufacturing Industries, 1999
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Pierce and Schott (2016): US tariffs on China

I WTO accession→ more imports to US→ lower US employment

I Should matter more in goods with more uncertainty (large NTR gap)

I DiD: before after PNTR, across industries with different gaps

log(eit ) = θPostPNTRt×NTRGapi +PostPNTRt×X ′i γ+X ′itλ+δt +δi +α+εit
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Pierce and Schott (2016): US tariffs on China

1643Pierce and Schott: the decline of US ManUfactUring eMPloyMentVol. 106 no. 7

B. Robustness and Extensions

This section assesses the timing and linearity assumptions inherent in the base-
line specification, the exogeneity of the NTR gap, and the sensitivity of our results to 
alternate controls for  business-cycle fluctuations and an alternate measure of tariffs.

 containing textile and clothing products with higher fill rates faced more binding quotas and are therefore more likely 
to experience employment reductions when quotas are eliminated. Fill rates are set to zero for unbound products. See 
Section D.3 of the online Appendix for additional information regarding construction of the MFA variable. 

Table 1—Baseline Results (LBD)

 ln(Em  p  it   ) ln(Em  p  it   ) ln(Em  p  it   )

Post × NTR Ga  p i   −0.714 −0.601 −0.469
 (0.193) (0.191) (0.147)
Post × ln(K/Em  p i,1990   ) 0.037 −0.016

(0.031) (0.025)
Post × ln(NP/Em  p i,1990   )  0.081 0.132

(0.054) (0.053)
Post × Contract Intensit  y i   −0.181

(0.112)
Post × ΔChina Import Tariff  s i   −0.244

(0.140)
Post × ΔChina Subsidie  s i    0.063

(0.088)
Post × ΔChina Licensin  g i   −0.238

(0.164)
Post × 1{Advanced Technolog  y i   } −0.036

(0.045)
MFA Exposur  e it   −0.342

(0.060)
NT  R it   −0.455
 (0.670)
US Union Membershi  p it   −0.123

(0.203)

Observations 5,700 5,700 5,700
R2 0.98 0.98 0.99
Fixed effects i,t i,t i,t
Employment weighted Yes Yes Yes
Implied impact of PNTR −0.229 −0.193 −0.151

Notes: Table reports results of OLS generalized  difference-in-differences regressions. The dependent variable is the 
log of  industry-year employment and the independent variable representing the effect of PNTR is the interaction 
of the NTR gap and a  post-PNTR indicator. Additional controls include  time-varying variables—MFA exposure, 
NTR tariff rates, union membership rates—as well as interactions of the  post-PNTR indicator with  time-invariant 
controls including the log of 1990 capital and skill intensity, contract intensity (Nunn 2007), changes in Chinese 
import tariffs, changes in Chinese production subsidies, changes in Chinese export licensing requirements, and 
an indicator for whether the industry produces advanced technology products. Data span 1990 to 2007. Robust 
standard errors adjusted for clustering at the industry (i) level are displayed below each coefficient. Estimates for 
the year (t) and industry fixed effects as well as the constant are suppressed. Observations are weighted by 1990 
industry employment. Final row reports the predicted relative change in the dependent variable implied by the 
 difference-in-differences coefficient. Number of observations has been rounded to nearest thousand due to Census 
Bureau disclosure avoidance procedures.
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Alessandria et al. (2019)

I Same U.S.-China uncertainty, but take advantage of the within-year
dynamics
I Congress votes between July and September to renew NTR

status

I How do imports change in the months before, during after?
I Consider a model with storable goods and costs of ordering

I Firms hold inventories to minimize ordering costs

I Uncertainty can lead to stockpiling of goods

This version: October 6, 2021 10



Alessandria, Khederlarian, and Khan (2019)

I More DiD. . .

log(v ijzt
m−2:m/v

ijzt
m−7:m−5) =

∑
m′

βTPU
m′ Ii=US,j=CHN Im=m′Xzt

+
∑
m′

βm′ Im=m′Xzt

+ γitm + γjtm + γsm + εijztm

I The growth rate looks at 3-month groups to smooth noise

I βTPU
m′ measures the response to uncertainty (Xzt is NTR gap)

I Fixed effects to control for product, importer, and exporter seasonality

This version: October 6, 2021 11



Alessandria, Khederlarian, and Khan (2019)
Baseline Result

See β̂m

Note: Crosses are the estimates of β̂TPU
m for m = {1, .., 12} from the baseline estimating equation. The blue line is the applied locally weighted

scatterplot smoother. Dashed lines are the 90% confidence interval. Standard errors are clustered at HS-6 product level. 16 / 65
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Alessandria, Khederlarian, and Khan (2019)

I This should matter more for goods that are easier to store
Figure 8: High vs. Low Storable Good

Note: Crosses are the marginal effect of Xz for US-China trade flows from estimating

equation (6), that is, β̂TPUm + β̂
1/HH
m × [1/HHz] for each month m = [1, 12] for the 10th and

90th percentile of the inverse HH distribution. Estimates of β̂TPUm and β̂
1/HH
m correspond to

column 4 in Table 6. The red and blue lines are the locally weighted scatterplot smoothers.
Dashed lines are the 68% confidence interval or one standard deviation Standard errors are
clustered at HS-6 product level.

42
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Magnitude: Certain vs Uncertain Changes

I Median uncertain tariff increase, 31% relative to monthly average
I Before uncertainty resolution, imports rise 10% (anticipatory

elasticity = 0.35)

I After resolution imports fall 5% (resolution elasticity = -0.2)

I Median certain tariff cut of 2% from NAFTA’s phase-outs (Khan and
Khederlarian, 2019)
I Before resolution, imports fall 10% (anticipatory elasticity = 5)

I After resolution imports rise 15% (resolution elasticity = - 7.5)
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Quantification

I Using a model to estimate the probability of losing NTR

I The higher the probability of losing NTR, more incentive to stock up

I Will study the model in detail in a few weeks
I Storeable good

I Fixed cost of ordering

I Firm faces a potential increase in tariffs, with varying probability

I Find the probability that gets the change in imports in the model
closest to the data
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Alessandria, Khederlarian, and Khan (2019)Figure 1: Import Response to Different Probabilities of a Tariff Hike

Note: This plot illustrates the anticipatory response of Imports to an uncertain change in
tariff. We assign different probabilities to the event of 10% increase in tariffs 12 months
ahead. The vertical dotted line denotes the time of the uncertainty resolution. In all cases,
the uncertain shock does not realize.

36

This version: October 6, 2021 16



Annual probability of maintaining NTR
Figure 10: Estimated Annual Probabilities of China maintaining MFN Access

Note: On the y-axis are the model implied probabilities of China maintaining its MFN
status till 2001 and years are on the x-axis. To obtain these we simulate the model for HS
6-digit products and match the β̂TPU9 coefficient from (5) by changing probability input to
the model. We then compound the probability of China maintaining its MFN status for
the successive years until 2001.

44
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Interesting stuff!

I We learn a lot from these unique tariff uncertainty episodes

I Are there more examples that can be used?

I Are their examples like this in other kinds of policy?
I Debt ceiling negotiations?

I Sunset clauses in antidumping duties?

I There is always a caveat. . .
I NTR gap is correlated with the original liberalization in 1980

I Explore this in Alessandria et al. (2021)
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